Benefits of Bias: Towards Better Characterization of Network Sampling
(Supplementary Material)
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Figure 1: Full results for DIsTSIM.
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Figure 2: Full results for HUBS.
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Figure 3: Full results for EMPIRICAL DEGREE DISTRIBUTIONS.
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Figure 4: Full results for CCLOC.
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Figure 5: Full results for CCGLB.
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Figure 6: Full results for RAK.
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Figure 7: Full results for CNM.
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Figure 8: Full results for DQ.
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